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Content-based image retrieval
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Possible related search: novi sad

https://en.wikipedia.org > wiki > Novi_Sad ~

Novi Sad - Wikipedia

Novi Sad was founded in 1694 when Serb merchants formed a colony across the Danube from
the Petrovaradin Fortress, a strategic Habsburg military post. In ...

http://www.bbc.com > storyworks > travel > see-serbia v

10 amazing reasons why you should visit Novi Sad this year
Novi Sad is the capital of one of Serbia's most ethnically diverse regions, which has been home
to groups such as Hungarians, Croats, Slovaks, and Romanians ...
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Content-based image retrieval - contd.
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Image hashing
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Deep learning (data-dependent) approach - supervised and unsupervised

3 K %

Sk | A K
e

k| % [k K

| e * autoencoder networks
‘ -> m @ ﬁ’ﬂ ﬂ =) ONTETHTD * adversarial networks
 graph-based networks



Twin-bottleneck hashing (Shen et al, 2020)
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Proposed deep hashing method
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Evaluation (precision-recall curves)
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Reference method TBH: Shen et al, Auto-Encoding Twin-Bottleneck Hashing, CVPR 2020

CIFAR-10:
60k 32x32 images,
10 classes

MS-C0CO:
>200k labeled images,
80 object classes



Evaluation (mAP and retrieval examples)
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Summary

* Improved the binary bottleneck of TBH by using VAE with disentangled variables

* Improved the continuous bottleneck of TBH to use a VAE trained with a constrained
optimisation setup

‘ Encoder \

* Qutperformed state-of-the-art unsupervised hashing methods




Thank you!

Questions?
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